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A Performance Improvement of Ant Colony
Optimization to Solve the Traveling Salesman
Problem

Fumikazu Kobayashi'™ and Ryouei Takahashi'"

A method of dynamically controlling the weight of elitist ants’ pheromone in Ant Colony
Optimization to solve the traveling salesman problem, which can improve the
convergence to the optimum solution with preserving the diversity of selecting the next
city visited, is proposed for getting rid out of local optimum solutions. The validity of the
proposal method is verified by using the small sized TSP “att48”. Our C experiments
show that the ratio of success trials to search for the optimum solution is improved from
0% to 100% through the dynamic control of the quantity of the elitist ants’ pheromone.
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Fig. 1. Types of dynamically controlling weight of elitist ants’ pheromone
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Fig.2. Controlling weight of pheromone maintains the diversity of the population and enables
us to find the optimum solution.
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